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| need to master machine translation.
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® MERT(Minimum Error Rate Training) (Och, 2003)
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€1 | want to study about machine translation
€2 | need to master machine translation
€3 machine translation want to study

€4 | don’t want to learn anything
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(Och and Ney, 2002; Blunsom et al., 2008)
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€1 | want to study about machine translation
€2 | need to master machine translation
€3 machine translation want to study

€4 | don’t want to learn anything
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® Pairwise Rank Optimization(PRO) (Hopkins and
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