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| want to study about machine translation
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NIST MT12 Test
Ar-En | Ch-En
BLEU | BLEU
OpenMT12 - 1st Place 49.5 32.6

OpenMT12 - 2nd Place 47.5 32.2
OpenMT12 - 3rd Place 47.4 30.8

OpenMT12 - 9th Place 44.0 27.0
OpenMT12 - 10th Place 41.2 25.7
Baseline (w/o RNNLM) 48.9 33.0

Baseline (w/ RNNLM) 49.8 33.4
+ S2T/L2R NNJM (Dec) 51.2 34.2
+ S2T NNLTM (Dec) 52.0 34.2
+ T2S NNLTM (Resc) 51.9 34.2

+ S2T/R2L NNJM (Resc) | 52.2 34.3
+ T2S/L2R NNJM (Resc) | 52.3 34.5
+ T2S/R2L NNJM (Resc) | 52.8 34.7
“Simple Hier.” Baseline 43.4 30.1
+ S2T/L2R NNJM (Dec) 47.2 31.5
+ S2T NNLTM (Dec) 48.5 31.8
+ Other NNJMs (Resc) 49.7 32.2 | (Devlin et al.,2014)
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X X
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5 oo htanh/RelLU maxout
>0 tP us (Goodfellow et al., 201 3)
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Feed-Forward NN
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Convolution
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~ Recurrent NN
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Recursive NN
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Recurrent NN = m:n
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