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machine translation want to study -2 -5 - |
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€1 | want to study about machine translation
€2 | need to master machine translation
€3 machine translation want to study

€4 | don’t want to learn anything
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W = arg min Yyormax (F, £, C') + AQ(w)

. 2 w h(f¥e
ésoftmax F E C Z erco”

s=1 Z wTh(f(S)7 6/)

e EC(S)

(Och and Ney, 2002; Blunsom et al., 2008)
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€1 | want to study about machine translation
€2 | need to master machine translation
€3 machine translation want to study

€4 | don’t want to learn anything

error(e,) < error(c) <= w'h(f,e)>w h(f, )

® Pairwise Rank Optimization(PRO) (Hopkins and
May, 201 I)
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€3 machine translation want to study
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ecc(®) (Smith and Eisner, 2006)
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1: procedure ONLINELEARN((F, E> = {( 9, el >} )
1=1

2 w(l) <— @ = — S )
LT T
3 fort € {1,...,T} do 7 LY
1 (F®, EW) C(F, By=— 'J > /7 mini batch
5: C) < GEN(FU) w®) N /
6: wtth  arg min, Z(F(t) E® W q ) + AQ(w
7 end for
8 return w(T+1) F7—R j E\Wﬁ'j
9: end procedure
: /\\\:EI:%LI': j:cJ: < 15\191/()% ] ZI%LE\/_T "chﬁ-\ *’_ jz
BT etc.
Az R

s BEMENER IC B X £ 9 (Watanabe et al., 2007)
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€1 | want to study about machine translation
€2 | need to master machine translation
€3 machine translation want to study

€4 | don’t want to learn anything
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€3 machine translation want to study
€2 | need to master machine translation

€1 | want to study about machine translation

€4 | don’t want to learn anything
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€4 | don’t want to learn anything

arg min max {0, 1 — (wTh(f, ) —w ' h(f,

w

e c DRXAVN., ccOROAT LD EH .
" RKELBRDELDIC, wZzEFT

33



1
arg min )\§H

+ A

MIRA

w — w?|?

error(ey, o) — (w ' h(f,

) o wTh(fv ))
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